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— X = LTH L 5 (Part 2)

Kaggle TR I N TW3 74 F 7TMEEMIEOT -2+ v b %{#i-> T, EDA RN T —
2N DOETAERETCOT =207 ut A %fThoTWWE £9, Partl I3, 7 — %

Dt HABRETELWT =2 BIMEET 2 L ZAE T E Lz, Part2 Tlk, 7 — X 2R
L7228 b RIBECHIED B Z 1T\, ET AV ZFRKL T & 3, Kaggle v <=7 4
va VICEEICEML, (FKL 728 7 A OfER (L) 2T 2 £ T2 Bl Twx T,
XAERHE, macOS, RapidMiner Studio Version9.10 Zffifl L T\ ¥ 3,

7 — & : Ames Housing dataset

TAVAGRETAATMNZA LW OFEEICHEHT LT —%2 v b
https://www.kaggle.com/c/house-prices-advanced-regression-techniques/overview
MEFM, HITEOES, FL—yod4 ke, 790EE GIIHER)

HlEr: GREHZED) O3 data_description.txt % S

SO B/ ¢ SHEEOWGElikE Tl s

<Part2 TfT5 vtk X>

B 7 — X OHfE

RABfE D JLEE

H 248 L o B

At BAZE A+ D FHBY
HLAUAE D JLER

7 MR - B

Kaggle D2 v =7 4 ¥ a3 v~S
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Partl TER L 72U FD 702 22 EfTL, 7 — X DR RIBEOFHE R &2 MR L 9,

Retrieve ames-housi... Numerical to Polyno... Parse Numbers

inp out exa £ exa exa £ exa res ‘
fad J y
ori ori res \

YV HWZEE(SalePrice) Db X F 'S L b, FT— 2O EBIEL 3

@ Plot 2 ExampleSet =
400
5 Plot 1 [i]
Plot type
E ‘ Histogram v| 350
Value columns.
RAEEHR
Color 300
3
_ M
Visualizations Number of Bins
250
= Plot style 3) z
H]
F/F—vav 3 200
g
General ¥ 150
X-Axis ¥
Y-Axis ¥ 100
Title ¥
50
Legend v
= ° M -
° N —
50k 100k 150k 200k 250k 300k 350k 400k 450k 500k 550k 600k 650k 700k 750k
SalePrice
W salePrice
[
H O

F— Z D] 60%2% 100,000 K 1~200,000 FAEEH TS,

V REMEOEEZHEREL T

iR [ T RHfE AR
Bl A T
v LotFrontage Numeric 21 313 70.050
Bl BAHl T
Vv GarageYrBIt Numeric 1900 2010 1978.506
B BAfE LT
Vv MasVnrArea Integer ° 0 1600 103.685
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D)

3OoDBMEICKRBERDHVE L, RORT v 7 TRIBEONE 2T\ F 1,

B

LotFrontage :
GarageYrBlt :

St 3 % IE S O [E KR PR
AL =Y BETCLN-FE
MasVnrArea : AEAR=YDOIHE CFS574— 1)

RAEAE o fL3E

Retrieve ames-housi... Numerical to Polyno...

Parse Numbers

1

Filter Examples

2

Replace Missing Val...

inp out exa £ exa exa £ exa
fad " = 2
ori ori

Stepl. LotFrontage @i, KIEE2 %
RiEfEZz EE VW TORZHNT 25 L) Kk
<TG A — R DPBGE >
AP St RE

r Filter Examples

filters

Y 7 L5 %EM

condition class custom_filters v

invert filter

7 1)L Z{EBL: filters
Defines the list of filters to apply.

Y

@

LotFrontage v | is not missing

0 IRTEYYFT3 ENM—DIXYFT3

/| REOERHER

exa v exa

ori

unm

exa %‘ exa res

ori res

pre

LotFrontage/&{%
RBEESEEN
TOHER

BELE T,

= IvhUZBM

FIREEOIC @

W T, Filter Examples &=L — X Zffif] L T

x vt
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Step2. GarageYrBlt JE1: (%, GarageType JEM:(/ L — Y DT 2R3 % & None(#'L
=V U)BTADHY, HL—VYARPFEEL RO RBLTWEZZ L Abr) E
L 7z, MasVnrArea Jg1: 3 . MasVnrType BIE(R=Y % 4 7) %23 % & None(X
=YL 6DHY, R=THEIEFEEL TRATL T,
—Replace Missing Values &=L — X Zffiffl L, KiBfE% 0 ICiEZfax £ 3,
SNTRA—RXDBGE>
55X T

EEH Replace Missing Values

create view ®
attribute filter type no_missing_values v o
./ invert selection ®
include special attributes ®
default zero v I©®
columns gf Edit List (0).. &

RIBPLTWE{EE zero ICE ZXHLZ 72\xD T, invert selection ICF = v 7 % ANE T,
WEH/RT o A% FETT S L, REEPETOICEBRINTHS LR TEET,

HEZEE & OHHEE

B 79 & %o T, HWER L KMo HBIREE Koo, SR O HEE L2 MR L
ESea
0 1 2

Retrieve ames-housi... Cleansing Nominal to Numerical Weight by Correlation

inp C out in E= out exa 1-= wei res
=
d

in out exa res

BRIz S & DER

HEREERD S  RELSHRAEH

A hFITVEE DEEEEHE
HiE~EE

Step0. RIEfEWHEE TCOTr 2% F 7T FukRicEoE L,
Stepl. MHEIREZ AT 2 1id, S THEMICEE L THr T 4E 23D T3,
Nominal to Numerical &L —ZfHEH L., #7573V B o HERI~EE L 3,
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<RT A —RDEBE>
INGAX—4 BRE

pes . .
Nominal to Numerical

create view ®
attribute filter type all v |®
invert selection ®
include special attributes ®
coding type unique integers v |

coding type (¥ unique integers % f§E T2 Z LT, A7 TV EEOMHELFEL L 7 v 7 fF1F &

nNi-FEEEoEEIcEH I T T,

Step2. Weight by Correlation AL —Z % fHFH L. HWEE L OHBERED S

DEEEZMHRAL 7,

fERBE

<TG A —RDEE>

INFAX—=5 RIS

Weight
Visualizations

1='-. Weight by Correlation

normalize weights Q) =
7/Tr—=>3y
./ sort weights @
sort direction descending v |®
squared correlation ®
sort direction (% descending Z57& L. FFIEL

T7uw A xETT S E, HWE

H 228 & HHBE 23 5 @t & B AL

Y —FrEINdLHIC
B e FIEIE L OMBAREE BEIHCHERE S 2 C e 8 TE £

AHAZEL

|5 AttributeWeights (Weight by Correlation)

attribute  weight
ove.—a”ogoz ......
GrLivArea 0.704
Garage... 0.647
Garage... 0.632
TotalBs.. 0.627
1stFIrSF - 0.620
FullBath 0.567
YearBuilt  0.539
TotRms.. 0.537
YearRe.. 0519
Mas\/nro492 ......

CBELET,

Hee LE S, &bl MRS 05 L ETH o7 10 D

JBIEZERL CotrziEd T wE 3, (BHOERIIRDORAT v 7 TiTnE )

FBHZEL © OverallQual,
1stFIrSF., FullBath. YearBuilt,

GrLivArea, GarageCars, GarageArea, TotalBsmtSF
TotRmsAbvGrd, YearRemodAdd
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TZTCHEELZVOR, [HEILHRME] v BT, LELHME & SRR LI
RGHBEAH 2 L IR Z 2 RED 2 L T OREROMGEEMEIMET LT L £ 5 alaetE2s
HYET, HRRKORERNIT, LESLRMELZEEL TTOLE1H Y £5,

anAZER - o HHES

% LR 2 B <“ Tedic, EIHIZREE LR CAHBE A B 2 b DOMFEETS 5 R L
OB T 2 B I wIhs—H 2R L £ 3,

1 2

Retrieve ames-housi... Cleansing Select Attributes Correlation Matrix

inp c out|) in E= out exa % exa
in out

ori

res

O

res

BME#LED
1HEIRBO0.5LL HAEZRELO
TERS R S

Nominal to Numerical Weight by Correlation

Cexa “ e::B Qexa 1==' :::B

pre D

(Nominal to Numerical & Weight by Correlation I1Z/EEDEHEE % iERT 2 -0 I L zoT, @t LE L)

Stepl. Select Attributes &=L —Z # i L. HWEL & OHBIRED 0.5 A ETH - 7=
10 oEEZEFIAZ R E L GERL £ 3,
<RT A —RDEE>

\ IR RIR: attributes
The attribute which should be chosen.

o 11||

= BRUIEYE
X (IR
= R # 2ndFIrSF A # 1StFIrSF
] Select Attributes ## 3SsnPorch # FulBath
1t Alley 4t GarageArea

# BedroomAbvGr. () 4 GarageCars

() ## GrlivArea

attribute filter type ®

## BsmtCond

i #t OverallQual
attributes [6)
4t BsmtExposure #t TotalBsmtSF
## BsmtFinSF1 ## TotRmsAbvGrd
invert selection @ # BsmtFinSF2 # YearBuilt
# BsmtFinTypel # YearRemodAdd
v
b D b CinToima?
include special attributes ®

x Frotl
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Step2. Correlation Matrix AL — % ZffHH L CHBATI Z AR L .
HHBAD H % b DOFAET 2 2 MR L 5

<RT A —RDEBE>

NFAX—=%5

BB

& Correlation Matrix

attribute filter type

invert selection

all

I ./ include special attributes

/ normalize weights

squared correlation

include special attributes

d &Mtz & CHBITAI LT D X 5

Attributes SalePrice
OverallQual 0.802
YearBuilt 0.539
YearRemodAdd 0519
TotalBsmtSF 0.627
1stFIrSF 0.620
GrLivArea 0.704
FullBath 0.567
TotRmsAbvGrd 0.537
GarageCars 0.647
GarageArea 0.632
SalePrice 1

Id -0.037

OverallQual
1
0.588
0.561
0.570
0.521
0.608
0.564
0.445
0.613
0.584
0.802

-0.039

YearBuilt

0.588

1

0.597

0.421

0.330

0.208

0.483

0.111

0.543

0.498

0539

-0.012

YearRemodAdd

0.561

0.597

1

0315

0.283

0.295

0.456

0.196

0.426

0.389

0519

-0.024

®

WAERINE T,

TotalBsmtSF
0.570
0.421
0315
1
0.833
0.478
0.340
0.302
0.458
0512
0.627

-0.019

1stFIrSF

0.521

0330

0.283

0.833

1

0573

0.390

0418

0511

0.620

-0.005

GrLivArea

0.608

0.208

0.295

0.478

0573

1

0.620

0.829

0.474

0.474

0.704

-0.003

FullBath

0.564

0.483

0.456

0.340

0.390

0.620

1

0.548

0.471

0418

0.567

0.010

TotRmsAbvGrd

0.445

011

0.196

0.302

0418

0.829

0.548

1

0.378

0.350

0.537

0.020

AUIHAL

GarageCars
0613
0.543
0.426
0.458
0.464
0.474
0.471
0.378
1
0.890
0.647

0.003

WKF v 72 ANTEITT S L., FillEME:CTH % label BN &

GarageArea

0.584

0.498

0.389

0512

0511

0.474

0418

0.350

0.890

0.632

-0.012

R i iR

Id

-0.039

-0.012

-0.024

-0.019

-0.005

-0.003

0.010

0.020

0.003

-0.012

-0.037

S, HUVERE OB 0.8 U EoMadbekty 27 v 7L, AR E O
BB TT Z HIBR L % 4, SalePrice(HMYZ

EROGNZ, FAER e HIWE
PRI, FIv 7&K ay 7T Attributes F| 04 CHBRICEBEI X ¢ F L 72,

A EIE - OHB2 0.8 L ETH o oA G DLRIZ 3 2H D L7,

+ GarageCars & GarageArea

+ TotalBsmtSF & 1stFIrSF
« GrLivArea & TotRmsAbvGrd ---

0.829

& DAHBEFREL

HIEE & DMBIRE % fERE L 7245 R, GarageArea, 1stFIrSF, TotRmsAbvGrd % HlFR L £

—j—o
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LEMEAZER L, LTD 7 o%3AZKE LET,
FEEHZE# © OverallQual, GrLivArea, GarageCars, TotalBsmtSF, FullBath
YearBuilt, YearRemodAdd (Z#(DZERIIRD AT v 7 TITwEd,)

S\ i D JLE

ETADERE T BHHNIC, T — XD % A TIOMED O RE LANE GbhfE) ofF
BAMERL. ANERD - 553V RE T,

2 3 4
Retrieve ames-housi... Cleansing Select Attributes Generate Attributes Filter Examples (2) Select Attributes (2)
out out exa exa exa exa exa exa res
: F T ﬁ F % ori res

B ORR ArEDFEFRE BB ZEBDIRR
- OverallQual FEhn(7 3 & f17) AnfEUA DT
- GrLivArea EHihH
- GarageCars
- FullBath
+ YearBuilt
- YearRemodAdd
+ TotalBsmtSF

Stepl. Select Attributes XL — X Zff L, 7 OOFHEKZEINL 3, (XFA—%
REE p.6 ) BHALE OB Z A CTHNEDHIEZ AL £ 5
“X-Axis column” % 3 % & FHPERO T — 2 0 MmHAHERTE T,

BRE= W ExampleSet (Select Attributes)
A
: Blot a ExampleSet p—
- Plot 1 oo
7=5 1]
Plot type
—~
EX

X-Axis column
BAGER
OverallQual
600k
[3)

b SalePrice

<
s
&
a
8
5
3
< <

Visualizations Color

ize

500k

e

v S 400k

o

litter

Regression interpolation 300k

None v

Pot style 35 200k

100k

3
g E

x
£
:

5
£
&
&

OverallQual

= .
0 250k 500k 750k 1

&
g
g
<
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NNEOEEAHERL 4R, UTFEANEE LT T 2 2Lt LT,
OverallQual ~«++-- A A3 10 BAE T, FEEMi% A 200,000 Fa X b Rl
TotalBsmtSF -« P ERmAES 3000 X Y T, [FEAMR 300,000 vk DT IXHIBR
FullBath «----eeeeee A2 1 & b T, EEMiIRE A 250,000 Fov X b EIXHEIER
YearBuilt-----+++--- 1940 FFLARTICEC b =Ptk . FEAMiRg 23 260,000 F VLA EIZHIER
2000 fFELARTICHET b izt <, [EEAMfit& 23 60,0000 FvLLEIZHIFR
YearRemodAdd:--1980 FE X W FiiD U 7 + — L9 T, (EEAlitg 2% 35,0000 X 0 T IZHIR

Step2. Generate Attributes =L — X Zfififf] L T, Stepl Tk 724 NED S 2 F57E L .
S D 7 7 70T L7250 & L £ 5

<TG R — R DFHIE>

INGR—5 RIE

'3 Generate Attributes

function descriptions =, Edit List (6)... | ®
| keep all ®
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I8 X—% 1Y Z N %#RE: function descriptions
List of functions to generate.

attribute name

function expressions

[OveralIQualjlag

TotalBsmtSF_flag
JFullBath_flag

YearBuilt_flag

if(OverallQual>=10&&SalePrice<200000,"true","false")
if(TotalBsmtSF>30008&&SalePrice<300000,"true","false")
if (FullBath<1&&SalePrice>250000,"true","false")

if(YearBuilt<=19408&&SalePrice>=260000,"true","false")

YearBuilt_flag2 if(YearBuilt<=2000&&SalePrice>=600000,"true","false")

ED | B | ED | ED| &) JED

YearRemodAdd_flag if(YearRemodAdd<1980&&SalePrice>350000,"true","false")

' Ty UEHIR Iasam x*"’ i

IvhYZBN

o HZ#WE: function expressions

Expression
1 ifijoverallQual>=10&&SalePrice<200000, " true", "false"m A

v
Info: Expression is syntactically correct.
Functions : Inputs ¥
RERET S #  Garagelars Y
#  GrlivArea
IO if (%&# , trueDRD{ , falseDR D1 ) ® I
I # overallQual I
4 | O
= #  TotalBsmtSF
% && ®
#  YearBuilt
s ® —
#  YearRemodAdd
HEREET v
RImYE A
TH R MR ¢
%2 MR ¢ #
id
BB v
#  salePrice
HEaTBIE ¥
v label v

xaewtn,
‘@A _flag”t WOHFTLWEEGD 2R L. Bicisinfie 33502 AhE T,
BRIERANE -3 ERE~— I ORETEET HWHL 7o 2 2R T2 L, 7—%
€y M, HLOEEGD2ZAU T L S cBEmEhE 3,

geCars OverallQual_flag =~ TotalBsmtSF_flag = FullBath_flag = YearBuilt_flag = YearBuilt_flag2 = YearRemodAdd_flag

false false false false false false A
false false false true false false
false false false false false false

AhfiE @ » 51T i"true . % ﬂu&#@ j:”false" L ?%T INET,

10
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Step3. Filter Examples &=L — X ZfifI L. MUl DI Z /L 5,
<NTRA—RXDBGE>

NS X—% RE
r Filter Examples (2) (Filter Examples)
filters Y 71 %EM (O
condition class custom_filters v ®
/| invert filter Q)

invertfilter # 7V v 7325 L, 740X %EI »OREL SR IEEINE T,

7 1 JLE ZAERL: filters
Defines the list of filters to apply.

OverallQual_flag v | equals v true 7 b 4
TotalBsmtSF_flag v equals v true . b 4
FullBath_flag v equals v true 7 X
YearBuilt_flag v equals v true 7 X
YearBuilt_flag2 v equals v true 7 X
YearRemodAdd_flag v equals v true 7 b4
INTEIVFTS | @ Ehd—2kRvFT3 v &trommRR | rviusem | ok § e

BAUED 7 7 7451 L7z J@EGID I, S true” 23—2Th HALEZ OfT I L Zawv &
IICREL T,

Step4. Select Attributes A= L — X Z{HH L T, AL Z FHERL £ 3,
Step2 THIED 7 7 7113 L 72 @G 2 AFRK L CIEMEA I 2 72 DT, Stepl &
[FIRRICRRAZ S % 7 OFEIRL 57,
FEHHZEH © OverallQual, GrLivArea, GarageCars, TotalBsmtSF, FullBath
YearBuilt, YearRemodAdd

CZETOTuRREFTT S L IMUEDIHES 21T 2HIFRL 722 ik o T, 7— 248
1,201 {7205 1,187 fTiC 72 b £ 3

ExampleSet (1,187 17,2 $55lB1E,7 BEEM)

11
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7 VERL - BEH

T X DU TE LD T, W ODORMEE T V=) XA L TR £ AT,
L[R5 7 — & LRSS B OO SR R iR L £ T,

1

Retrieve ames-housi... Cleansing Select Attributes Generate Attributes Filter Examples (2) Select Attributes (2) Cross Validation

inp out) in & out exa —(a exa exa :ﬁ exa exa Y exab exa E exa q ® ™ D res
c in out . ori . ori ori . ori exal) res
tes) res
per )
per
RERIE
70tz INFR=5 e
©) Process » Cross Validation » yoRyCl 2 B + @ W [ % Cross Validation
3 4 split on batch attribute @
Apply Model Performance
— ) leave one out @
med 4 Pmod @ mod lab, » o per ) tos,
tes . per.
thr unl mod per exal)
. number of folds 10 @
the per
k-NN Neural N sampling type automatic v @
Performance(Regression) ¥ v 7
tra mod tra mod
’ . ! ol @ root e squared error [T wse focal random lo
@ relative error
@ correlation
local random seed 1992 [6))

@ squared correlation

tra r mod) (| tra ’ mod. tra ! mod / enable parallel execution [6))
exa e oa
wei wei wei

5 RO A-sEERR
v EBfEQEE (9.10.000)

Stepl. Cross Validation =1L — & %t L, RAERILEZITVET,
(TR AR Z 5729, uselocal randomseed ICF = v 7 # ANFE T)

Step2. FEAMED Tl 72D T, FlIFOEMEE T2 XL %2 ERLET LV EFERL 3
<NRFTRA—RDFE K>

INFKX—=%5 RE

» Random Forest

number of trees 100 ®
criterion least_square v |
maximal depth 10 ®

apply prepruning ®

[m)F % F s % @ T, criterion % least_square Zf5%€ L £ 9, (Decision Tree D54 [6EE)
Ll XTRAXA—RFTFT 7N MEDOETFICLET,

12
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Step3.
LI,
Step4.

Apply model &=L — & T, REMAAICER L 2T T A PHT — & %38

Performance(Regression) A< L — X %] L. WEEAIC/ER L 72 7 v 03K A T

— R L TEDL SWDKEERD 2 0%, 4 DOFHEIEECHERLET, 6 2D
TAa) XazkHAL, BRELKL T3,

<RNTRA—RDFE>

INFA—5

BRE

% Performance (Performance (Regression))

main criterion first v ® o
/| root mean squared error ®
absolute error ®
/| relative error ®

il

relative error lenient ®
relative error strict ®
normalized absolute error ®
root relative squared error ®
squared error ®
| correlation ®
/| squared correlation ®

FITERE THRICE L0 F L7z, (087 2 — X :least_square FHEUINIT 7 + L b EXIE)

BIHFBETILTY XL

root mean squared error

relative error

correlation

squared correlation

Random Forest ([a])&)
Deep Learning

Neural Net

Liner Regression
Decision Tree ([E%?)
k-NN

27055.052 +/- 2395.754
28153.327 +/- 2262.050
28623.182 +/- 3020.979
33036.439 +/- 4293.221
33461.141 +/- 2613.566
39293.207 +/- 5267.998

11.50% +/- 1.34%
12.64% +/- 1.26%
13.25% +/- 2.73%
14.82% +/- 1.15%
14.18% +/- 1.45%
15.82% +/- 1.70%

0.937 +/- 0.018
0.936 +/- 0.016
0.938 +/- 0.016
0.906 +/- 0.015
0.905 +/- 0.020
0.866 +/- 0.024

0.878 +/- 0.034
0.876 +/- 0.029
0.880 +/- 0.030
0.821 +/- 0.027
0.819 +/- 0.036
0.751 +/- 0.043

MAN—Va vRBEER EICL Y, EITRRICSPRE

BHLGENRDH Y ET

COHRTIE, FVELTZHALAMDBT— X LROHABERRWZ ER0H20 E L7,

13
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V=T AMER
REBEEDFER LS, FVEF L7+ L A ZHGTETAZERL £,

Retrieve ames-housi... Cleansing Select Attributes Generate Attributes Filter Examples (2) Select Attributes (2)

out) in out)—Qea TR ea oa 70 eal) exa exa o0 T e ra moc;D res
e % B ED j B3 T Y E j B F T S

inp

REEMEED Trainig 7 = — R ICHLE L 72d D &R LA <=L —4% (Random Forest) % 7’1 %
AMEEICHEL T, chT, FHMlETAVEERTEE L,

vV ETFNVEH
B L 72 TPHlE T A&l o T RERICKREEOMGEitk 2 THIL £ 3,

2

Retrieve ames-housi Cleansing Select Attributes Generate Attributes Filter Examples (2) Select Attributes (2) Random Forest Apply Model

inp out) in out) dexa : exa‘D G ea [T ean dexa exa dm TH e q e mod mod lab
c % L ‘ B ‘ e F ¥ - # TR T
unm wei
: FANTF—9%
FREFIVICEE
Retrieve ames-housi... Numerical to Polyno...  Parse Numbers (2)
c outF =g exaF =g uaF
ori ori
FART—=% _
(Part] ¥—5 OBk ToIHORE
BABTUMRS b (Part] 7— % WEEE & FAKOKE)
U I Hei)

Stepl. FHIL7zwT—% (FRMT—X) 2ETNCHEHI 27008z LTI,
Part] TID @2 ERL VFY PV KL T T A b7 — 2 Z2EEL.,
T — 2 LFEERDOETIEL T — 2 BICEBIEL 35

Step2. Apply Model A =L — 2 ZfEH L, 7A T —2% Pl T VICGEH 2T 3,

T ZA%FEITTLH L, LLTD X S I prediction(SalePrice) DF|25EME v, T A b T — &
X3 2RO FRIERH T S E 3,

BREE . Random Forest Model (Random Forest) W ExampleSet (Apply Model)

W< ] TuboPrep | iy Auto Model 74L5 (1,459 /1459 13):  all
7=9 Row No. Id prediction(SalePrice) ~ LotFrontage GarageYrBIt MSSubClass MSZoning LotArea Street Alley |
1 1461 119679.437 80 1961 20 RH 11622 Pave NA |
3 2 1462 149361.923 81 1958 20 RL 14267 Pave NA |
WAL 3 1463 177780.634 74 1997 60 RL 13830 Pave NA |
4 1464 182618.892 78 1998 60 RL 9978 Pave NA |
" 5 1465 210578.093 43 1992 120 RL 5005 Pave NA |

ZOTHIFER % Kaggle ICfRHB L, v =74 v a VIKEBIISML CARrE T,

14
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Kaggle D a v =T 4 ¥ a v~

G\
@P GettingStarted PredicHiOm@OMpetition

House Prices - Advanced Regression Techniques
Predict sales prices and practice feature engineering, RFs, and gradient boosting W

Kaggle - 4,490 teams - Ongoing

Kaggle 13, HRHFDOTF -2 H A v T4 A bbb ET Y BELZETLOBEETD
aVRT 4 a v Ty, THREREEZ CSV 7y A vicEEH LR+ 2 &, EZAFRE
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