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This Operator is used to change the role of
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Homes Help
Howdy, Stranger!

Itlooks like you're new here. If you want to get
involved, click one of these buttons!

Sign In with RapidMiner

This Week's Leaders

. kayman 208 Points

2 lionelderkrikor

"
2 ceaperez

earmijo

4 AN M ® a ?

WHY RAPIDMINER ~ INDUSTRIES ~ PRODUCTS ~ LEARN ~ RESOURCES ~ PARTNERS ~ COMPANY

RapidMiner Community

GET HELP. LEARN BEST PRACTICES. NETWORK WITH YOUR PEERS.

a

601 Dis ns 772,272 Members. 3 Online:

@) RAPIDMINER 9.9 IS ouT!!! &

The updates in 9.9 power advanced use cases and offer productivity enhancements for users who prefer to code.

CLICK HERE TO DOWNLOAD

Operator Toolbox Version 2.10 released

~

mschmitz P 2,986 &) RM Data Scientist April 30
Hi everyone,

just a quick note that we released a new version of Operator Toolbox today. Here is the changelog
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¥ KNIME Data Talks Community Edition - July 7

KNIME Analytics Platform

@ ScottF ©

Hi everyonel

Team Membe 6 Jun 11

1/4
Jun 11
Some of you have already attended a few of the Data Talks that we have hosted over the past year.

Since a lot of our power users spend a fair amount of time here on the forum, | wanted o let you know
that on July 7 we will be hosting a new Data Talk that is focused on you - the KNIME Community.

‘The Community Data Talk will take place in a virtual environment, so you'll create an avatar and wander
from room to room, attend breakout sessions that interest you, and even to talk to other attendees if you
like.

We will lead off with an opportunity to see what's new in the upcoming release of KNIME software and
meet some of the developers. This will be followed by hands-on workshop sessions for a wide range of
topics, in addition to sessions where you can meet with other KNIME users from your region, and even
check in with our KNIME Workflow Doctors to help solve problems on the fly.

Whether you are new to KNIME, a seasoned veteran, or somewhere in between - we would love to
have you join us. The event will take place on July 7, and we'll be repeating it twice during the day -
once for Europe/Asia timezones, and again for the Americas. You can register for free, as well as see
more details about the agenda, at the link below:
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RapidMiner Academy - Content Library

We offer direct access to our micro-modular learning content through the
Catalog below.
Applications &

Use Case i i We have grouped the content into the general topics, 'Applications & Use Cases',

'Machine Learning', 'Data Engineering' and 'Administration and Deployment'. These
topics form the basic structure for the majority of our Courses. They are designed
with our users' role-based learning requirements in mind.

The same structure is also used for naming the Certification Exams which we
provide to you for assessment and proof of your skills and to celebrate your

Master Master learning progress.

For additional guidance, we have created Learning Paths.

Learning Paths

A
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Industry-leading streaming & Industry innovation through

Zia s | :
edge capabilities cutting edge research
The RapidMiner Labs R&D team is part of

RapidMiner has RapidMiner supports critical requirements to 1 ; > R&D
A deploy ML models in remote, transient and , dozens of leading-edge industry consortia
the bl u eprl nt for disconnected settings. rcmarch projectsthat r_‘osulr in new
) guidance and productinnovation.
success in

Manufacturing

Integrations & connectors Domain expertise earned by a Network of dedicated

. to »c_ommonAdat_a sources ‘Ion‘g j;ra;k_record of success industry partnerships
RapidMiner offers purpose-built means RapidMiner has helped 100s of manufacturers | o & aaeo S0 26 o iee and works with

| to connect to the most valuable sources digitally transform their process with 1000s of | ; ‘(‘hm[om A b e o ol W 1

1 of data on a manufacturing shop floor, predictive & prescriptive use cases in Cﬂrm rg?"h(o kno"F/j o bt(mn 4c
like historians, digital twins and more. deployment. E‘(‘_IH\/OTQ (:'QH & y?)l}/do e

‘ KSK ANALYTICS




SMERNS D

| sremns s

NEBDFHETE. RapidMinerditZm@TAT S 3 (Il TLNET,

Strong

RapidMiner(3ForresterdL7R— hT "
Y—AH—=CEHicnE L A

fitgh IRt TV a1 —>3>7
tad - XS — DR
DRSS : Hin CTOFER

+Minitab

Weaker
current
offering

Weaker strategy P Stronger strategy

i KSK ANALYTICS -




SMERNS D

| sremns s

F/=Gartnertt(EIRapidMinerz{tZmiTE U THEFLUTWEITH.
KNIME(CX UTCIEFEZIRLUTWLWET,

Gartner
peerinsights

customers’
choice

RapidMiner :
[BEZ(dRapidMinerz Bk LizD. IT>A—-—T5A XTS5V hIA—A
ELUTOREEEZIECTCEWTERRA. -]

RapidMiner(dGartnerd®PeerInsights Customers’ Choicelli#EH .

KNIME :

[fEERmTHR— MOREN : KNIME(FARDDSMLAR >4 —(F EFEHREY (CERH
LCTWEBA. ~TBEETERATDCE. —MNCHERARZED. HmhHifF
D THDEZFRIT DIHDEFNIT - EXNRETT,

KNIME(ZENS5DY —ERDIE#ZE)\— b F—([CFEOTWLET, |

B KSKANALYTICS

26



Gartnerlm S DOERT T

| x>t

D)

KINIME,

- RapidMiner

e P

TEABDGHDET 1 7)IAREE * * KKKk * % Kk Kk k
o Z ARDEH DAutoMLIFER * % % kK o

;% ANEi(Ddn DNotobook{FES * % % % X *
fELVTE 1 0. 0. 0. 8.1 * % % %
(T>5-F54XIL—K

T "FTADET * % % kX * %k kK
I H—TSAZXHR— b %* % %k % * %
EF)L&IHILE Y PR A K 0.0 .6 1 * % %
EAUR, AVFFROT—FFHFY % Y % Kk * %

[ BERAD TV N

ITwTaAVE1—F4 I IDETILFIOA % % %k k %* %k
HMENREET V- —2 v L 0. 0. 0.0 ¢ * %
oFT—HOARIBICEHE (EXA MU T RE) ' 0. 0.8 ¢ * %
EEROAREE %k ok Kk * X

. KSK ANALYTICS




GartnerlmSDOET T

| nseress

Open for Innovation ¢

II;'//ILI rapidminer KNIME
IR -W—IDRODIE FT—5%#fE. EFU>T, EFILE BEMLEIES2T7ILIL—AD
iR BENME BOODREREEEE IR —IDHhDATS 3> & UTH
RIE FHa]RE
d—RYR—k Python, R, Java, Jupyter R¥°PythonHDE > 31 77)L/

REXFADODAVY

Notebooks(ET 5w KT A4 —LD—
T, IR -WY— - IT>RT—
BN, O—4F—-Dfzsdn_/
— NIV ORIBETY, A—T>TZE
BENSD D, RENSDDET, A
—J>YV—=X7,

AR —=—=200TvIAR—X(TH
LU —RT— R =M LU TULE
9, RRDS/NMEEIZIESNTHED., &
SRRBBEA I NR— 3 (DI
BETTlmDEFRATTICEDHBA TL)
*£9,

wo—=JL—AD—20T9,
A—-—T>V—-XT9, IR -
W— - I ROHFEEI—FT 1>
JRIBTEHDFEEA.

BEF DT — R — XDEKRS
(CDWVWT. RFIADREFE
AEDDFEFEA.

‘ KSK ANALYTICS

28



GartnerlmSDOET T

| nseress

ll;l//ll) rapidminer

Open for Inr

KNIME

UX

L

YT RAFI
rJOo—F

RSwO& RO T TREBEIC/ERT
EREZ2TVIVT—o0TJ70-RI>
ATY,

Z/=RapidMiner Go T (ZBE&N1tZ= iR
HUFET,
E5(C—mBENTWVDIIL) —
NI wORIENSGDET,
MLZILT VX L FEFEBSATS
D ERIBZHR—MUTED., 5
WDBEDZEAWCEERDHTH BIEE
T9Y,

CoEZ O S A\DELD# .
RapidMiner Academyl(d. YV I D

T 77 DEEITEZEBRBDIEITTIEL,

F—APYA T ADF—ERBDI>
T h&SIAT D ET. DDE
BEZEEELUET,

RapidMiner® 1500fBID AL —45 &[E
U &EZ1TD4000fBEDANRL —FH
NET,

dA—Y-—-m5E O—07J0-DOEH
PELMES (CREDEN LR > TULET,

FORRESTERDARE : ®F U > T DiEEE
([CDUWT. 5D 3MEFHih
(RapidMiner(&5DH 5D THh)

HR— MNMIOZT2 =74 /)\— ~F—IC
AE<IKFLULTWET,
OdA—XAPRFIAD MNIBIBESNTHES
9. EBELTHD., EBEDOFT—5FHA
T2 AOWMES72HR BDICIIZNRANTES
DFEEA. KNIMEDEWSZEZ D
T9,

‘ KSK ANALYTICS

29



GartnerlmSDOET T

| Gartner MQ: KNIME =3 — MR

7 KNIME

 DSMLHBEDIL S &R : RapidMiner6#EEUET

— RapidMinert. —9Y1I>5 4 A MIIFEL. ENEHDAICIES 2 TIVICIRELTUY
DEHMBSNTLWET,

« A=T>Y—-R TS5V IA—=LNADEDHA: RapidMiner6EHUET
— A=T2YV-RDEHRERAS —Ov T4 ADIETN., (BENRapidMinerzBA 9 3FERR
IR TY.

- EZa7ZII9—-70—0—8 : RapidMiner(IKNIMEXX LT
— RapidMiner(d. migZE—RIBJEZ17IVT—0TJ0—#EETiREITDEITTRL., ¥l
B —DIzbDEMNRMREREMA TLET,

B KSKANALYTICS -



GartnerlmSDOET T

I Gartner MQ: KNIME = 3 — Ml

Open for Inn

— KNIME

. fEMITYR— MOBRER : RapidMiner(ZHiHVaHR— MU TULET

- ERMtENE T O—-F EFERICKD . BEE(FRapidMinert>7—4585 1 T X ZFERALT
BINZEIRDDEENTEET,

|I|n|

. BIESHDAINDES I : RapidMinerld [FEBATE DAl ZiIRIEIT B E T,
SEHDAIZEB R TCTLNEXT

— SO HrE. FBATIRET. TE T, HUASNIZAITH D, MQDER(ICEZNAEIASTNTL)
353_0

- {EVLWHIRZES|H & ARFEERT : RapidMiner(dKNIMED{EZEE A Z LB TUL\ET

— RapidMiner(d. FEAEDLED -1 bTI0BIEVWVHRIN—L Ea—8=EFEITLELELT
EEINTLET,

B KSKANALYTICS -




GartnerlmSDOET T

I Gartner MQ: RapidMiner = 3 — MR

M/)l] rapidminer
HH

o NIF-RIVWF - A5KRL—>3>  KNIMEGEZ 277D —07 02019
—(CPRE=MNSDTZH. KNIMET(EIIETEXREA

- [F=—HAYAIFTA ANEMERT YA ITFT 14 A EBITEEZITV. T—FHYA1 T ADIRHH
SEDDEFTDI\ATSA>DERZERCLET, |

— [RapidMiner Academy (35— B 1 IT>F 1 A R TEFRBRVWAN, BEWESILORE. ER & EIRZIRMF
IBIDICIKIIEET, |

- BERES 3> EENICADIEHEEDRME | KNIMEDOWS <D & UTERik ETBEDES|
ATE CNEFEERRISESFITDZEETERNTLLD
~  TRapidMinerldCO—HEMTITOY I MR— h I A UABAEEELELR, |

—  [45(SHhPkAEDFeature Mart(3, HEBEARTIHHEZHE - RIF CE. BIAMEBEERZEHDIIEN
TEXY, |

- SEATIEET. MiaTN. BERRAIL : KNIMECTIEZEERREUVTETFSNTVWET
- [ I-Y-HERPOERROETIILERP TS, BETEZLSCTZTET. EREESD. MR%
£NDI> PO-ILTEZLSCLET. |
= [SSOIBASATABARID - O EIREAR EOREER. AL AT S+ > DRSUERIRT DD
[CI5ET, |

B KSKANALYTICS -




GartnerlmSDOET T

I Gartner MQ: RapidMiner = 3 — MR
M))) rapidminer
TEEIR

- BERFEEFPDIPMU—F : RapidMinerdKZE(F39% T, miZE2AD#I2{E (Gartnertt-
DSML™3% = 19%5k4 )

- A—YH-—-AXR-XTIlF. MDFEFINTDHEEMILEIDEARET, BRECHKAERLTVWET (6185 A. BA1BA
Bl t, 4,0000KF TRapidMinerzZ X CTL\XT) .

— [RapidMinerOTEER(IFHRFHINH B |
— [RapidMiner(z&. DOz TORIB/IRWVWEFDOR—-I(CEDEHEITTWVET, |

o N—=4UY R MRS —RIRBERDITHBE : KNIMEEESE
- XY=V RIS = REENZETEFRL,

- BBEISY R IA—-LEUTOHMAE : KNIMEICDWTCHBREROZRHNSDDET,
RapidMiner(& [T>A—-—TS5AXTS5Y b IJA—A] EUTEFESNTWLET,

— [RapidMiner(d. Z<DELSTESRT —ITA I T AT DIARUEIR I —T -1 =5« ZHh
Ut CWE T, |

— [EEZ(FRapidMinerzBkLzD., IT>A—-TS5A XTS5V b IA—-—AEUTOREEHRIETTEWTEE
Ao |

B KSKANALYTICS -



HNDI(C

| =co

S[@E|(FRapidMiner EKNIMEICDWT., BRZDEDLDE.
RELU WA —ER(CERZHTE LU,

PETT YD =ZTDCE. ReEEEETIN
HIR— bDOREEREEEEINETTI,

T =AY —)LZ2HIE VDR,
COERIMNY — )R DB BFRUES=EWNTT,

B KSKANALYTICS

34



